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3D-PONG NPC

Youichiro Miyake, April 2004, Based on Jeff Meyers University of Michigan-Dearborn , April 1998
http://www-personal.engin.umd.umich.edu/~watta/MM/pong/pong5.html

List Pop

Layer | Input | Dutput |
w_hi[29][0 10100 000 ]
w_hil30][0 -33/100 0/100
w hil31][0 16/100 0400
w_hil32][0 -4/100 04100
w_hil33][0 -14/100 0/100
whiB4][0 437100 000
w_hi[35][0 10100 0/100
w_hi[36][0 284100 0/100
w_ hil37][0 29/100 04100
w_hi[38][0 14100 0/100
w_hi[39][0 -19/100 0400
whil0][0 37100 0100
w_hil41][0 22/100 0/100
w_hil42][0 45/100 0/100
w_hil43][0 42/100 0/100
w_hil44][0 34100 0/100
w_hil45][0 -35/100 04100
w_hil461[0 -3/100 04100
w_hil47][0 -26/100 0400
w_hil48][0 354100 04100
w_hil49][0 -28/100 0/100
w_hil50][0 274100 0/100
w_hil51][0 33/100 0/100
w_hil52][0 49/100 04100
w_hi[B3][0 49,100 0100
w_hil54][0 114100 0/100
w_hil55][0 -10/100 0400
w_hi58][0 -23/100 04100
w_hil57][0 -20/100 0/100
w_hi58][0 334100 0/100
whiEa][ 57100 0100
w_hil50][0 -12/100 0/100
w_hilg1][0 -40/100 04100
w_hil52][0 174100 0/100
w_hil53][0 -43/100 0400
w_hil54][0 -48/100 04100
whiles][0 41100 0100
w_hilsa][0 -22/100 0/100
w_hil57][0 -22/100 0/100
w_hil58][0 84100 0/100
w_hilEa][0 18/100 04100
w_hil70][0 334100 0/100
whilr100 294100 000
w_hi[72][0 -1/100 04100
W_hi731£0 -29/100 0/100 v
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Mat Buckland, Chapter 8, Al techniques for game programming, Premier Press, 2002
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Mat Buckland, Chapter 11, Al techniques for game programming, Premier Press, 2002
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NEAT

Weight: 1.2 | Weight: -3 | Weight: 0.7 | Weight: -2.1] Weight: 1.1 Weight: 0.8 | Weight: -1
From: 1| From: 1| From: 2| From: 3 | From: 3| From: 4| From: 5
To: 3| To: 41 To: 41 To: 4 | To: 5| To: 5| To: 3
Enabled: Y| Enabled: Y| Enabled: Y| Enabled: Y | Enabled: N| Enabled: Y| Enabled: Y
Recurrent: N| Recurrent: N| Recurrent: N| Recurrent: N | Recurrent: N| Recurrent: N| Recurrent: Y
Innovation: 1| Innovation: 6| Innovation: 2| Innovation: 6 | Innovation: 3| Innovation: 4| Innovation: 7
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NERO

Neural Networks Research Group, Department of Computer Sciences, University of Texas at
Austin, Neuro-Evolving Robotic Operatives, http://www.nerogame.org/,
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